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Sketch—image Retrieval Method Based on Multi—feature Non-linear Fusion
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Abstract: Sketch—image retrieval is a cross—domain retrieval in the field of computer vision. Sketches are simple and abstract in
nature, leading to excessive inter—domain differences from natural images, and the retrieval accuracy has so far failed to meet realistic
needs. In this paper, a sketch—image retrieval method based on non—linear fusion of multiple features is proposed, which combines
the shape feature and depth features with semantic features of sketches to form a new image feature representation. The fusion strategy
combines the advantages of both features, which can effectively portray the edge contour of sketches while taking semantic information
into account. Experiments are conducted on two public datasets ( Flickr15k and TU-Berlin ) , proving that the retrieval results
obtained by the method proposed are better than those obtained by other fusion methods as well as single feature—based methods, and
can be easily applied to other multi—feature fusion cases.
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