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Advances in the Detection of Bubble Plume Targets in Multibeam Sonar Water
Column Images
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Abstract: The multibeam sonar water column image data can obtain complete acoustic information from the transducer to the seafloor.

The detection of bubble plume targets through it is an important way to discover the leakage of seafloor combustible ice, and it is

an important observation content in ocean survey and monitoring.The paper first introduces the data structure and imaging principle

of multibeam water column data, and then summarizes the current research progress in order to provide a theoretical basis for the

exploration and monitoring of seafloor combustible ice based on the main problems in the current research, including large image noise

and complex causes, low efficiency of target recognition methods, and difficulty in accurate segmentation of bubble plume targets.
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